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ABSTRACT

In healthcare, prompt and precise medicine recommendations during medical crises may greatly influence patient outcomes.
This project introduces a comprehensive "Drug Recommendation System for Medical Emergencies utilizing Machine
Learning," developed in Python. The system employs two robust classification algorithms, namely the Random Forest
Classifier and the Decision Tree Classifier, achieving exceptional accuracies of 98.6% on both training and test datasets. The
dataset used in this research consists of 1200 records, each defined by 30 attributes. These elements include a varied array of
medical indicators, offering a comprehensive depiction of patient health. The dataset has 10 unique categories, representing a
range of medical conditions: Allergy, Chickenpox, Chronic, Cold, Diabetes, Fungal, GERD, Jaundice, Malaria, and
Pneumonia. The Random Forest Classifier, noted for its ensemble learning features, and the Decision Tree Classifier,
esteemed for its interpretability, were carefully selected to represent the complex interactions within the dataset. Both
algorithms demonstrated outstanding performance, attaining flawless accuracy ratings on both training and test datasets,
indicating the effectiveness of the created recommendation system. This study exemplifies the efficacy of machine learning
in healthcare applications and highlights the essential need of precise medicine recommendations in emergency medical
situations. The attained 98.6% accuracy highlights the system's stability and precision, fostering trust in its prospective use in
practical medical environments. This Drug Recommendation System exemplifies the revolutionary influence of machine

learning on patient care at the crossroads of technology and healthcare in crucial scenarios.

INTRODUCTION

In the field of healthcare, the introduction of machine learning
has ushered in a new age, bringing with it novel approaches to
problems that have persisted for a long time. One of these
technologies, the Drug Recommendation System, stands out as a
significant application that has the potential to bring about a
revolution in the area of medical treatment and emergency care.
Within the context of the fast-paced and vital nature of the
healthcare industry, the capacity to promptly and properly
propose appropriate medications in the event of a medical
emergency is of the utmost importance. In accordance with the
overarching objective of customized care, the Drug
Recommendation System makes use of the power of machine
learning algorithms to assess patient data and give options for
medication that are based on accurate information. The old, one-
size-fits-all methods to medication prescription have been
significantly replaced by this methodology, which constitutes a
substantial divergence. The Drug Recommendation System is able
to adjust to the specific physiological and health features of each
individual patient since it makes use of the capabilities of machine
learning. The system takes into account a wide variety of aspects,
including vital signs, medical history, and particular symptoms, in
order to provide suggestions that are specifically designed to meet
the requirements of each individual instance. This individualized
strategy not only improves the efficacy of medicine prescriptions
but also reduces the likelihood of unpleasant responses, which
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ultimately leads to improved patient outcomes. In the context of
emergency medical situations, when prompt decision-making
might be a matter of life and death, the Drug Recommendation
System is of great significance. Drug suggestions that are both
timely and correct have the potential to drastically cut down on
the amount of time required to commence proper therapy, which
is an extremely valuable benefit in circumstances when every
instant matters. In addition, the system's capacity to
accommodate the ever-evolving medical knowledge and
incorporate data in real time puts it as a dynamic instrument that
is capable of keeping up with the developments that have been
made in the area of medicine. This introduction lays the
groundwork for a more in-depth examination of the Drug
Recommendation System, which will delve into its fundamental
concepts and methodology, as well as the potential influence it
may have on the landscape of healthcare delivery. As we make
our way through the complexities of this cutting-edge technology,
we will discover how the combination of machine learning and
medical knowledge is reshaping the future of medication
recommendation. This will provide a look into a more
individualized and effective method of providing treatment to
patients. The term "machine learning” refers to a collection of
computer algorithms that are able to learn from their own
examples and continually improve themselves without being
explicitly implemented by a human. Machine learning is a subfield
of artificial intelligence that involves the combination of data and
statistical methods in order to create predictions about the
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output, which can then be used to gain insights that can be put
into action. One of the most significant breakthroughs is the
concept that a machine may independently learn from the data
(i.e., example) in order to provide reliable results.

LITERATURE SURVEY

2.1 Medicine Recommendation System Based On Patient
Reviews. Author: S. Garg, Year: 2010.

Since coronavirus, genuine clinical resources such experts,
healthcare personnel, equipment, and medications are scarce.
The medical community is in disarray, causing many deaths. Due
to lack of medicine, many used it without consulting, worsening
their health. Recently, machine learning has proved useful in
many areas, and automation innovation is rising. This research
proposes a medication recommender system to dramatically
minimize expert workload. This research builds a medicine
recommendation system that uses patient reviews to predict
sentiment using vectorization processes like Bow, TF-IDF,
Word2Vec, and Manual Feature Analysis to recommend the best
drug for a disease by different classification algorithms. Predictive
attitudes were assessed by precision, recall, f1score, accuracy,
and AUC. With 93% accuracy, classifier Linear SVC with TF-IDF
vectorization surpasses all other models.

2.2 Application of machine learning in drug discovery. Author:
A. Abdelkrim, A. Bouramoul and I. Zenbout Year: 2021.

Long, complicated drug research and development pipelines rely
on several variables. Machine learning (ML) techniques increase
discovery and decision-making for well-specified issues with
plentiful, high-quality data. All phases of drug development
provide ML opportunities. Clinical trial target validation,
prognostic biomarker discovery, and digital pathology data
analysis are examples. Application environment and technique
vary, but certain methods provide accurate forecasts and insights.
The lack of interpretability and reproducibility of ML-generated
findings may restrict its use. All fields require methodical,
thorough high-dimensional data. With continued attempts to
address these difficulties and increased understanding of the
components required to validate ML techniques, ML may enhance
data-driven decision making and speed up drug discovery and
development by reducing failure rates.

2.3 Drugs rating generation and recommendation from
sentiment analysis of drug reviews using machine learning.
Author: M. D. Hossain, M. S. Azam, M. J. Ali and H. Sabit. Year:
2018.

A recommendation system may assist users understand the criteria
and make educated decisions based on complicated information.
Sentiment analysis suggestions seem challenging since user-
generated content is conveyed in complex human language.
Numerous studies have focused on restaurant, movie, and
electrical product evaluations, but not health and medical issues.
Healthcare sentiment analysis and drug experience analysis may
help prioritize public health improvement and make the best
option.

We build and implement a drug recommender system framework
using sentiment analysis on pharmaceutical reviews in this
research. This project aims to create a decision-making assistance
platform to help patients choose drugs. First, we rate drugs and
measure their emotional impact. Second, we examine dictionary
sentiment polarity, patient conditions, and user utility of
medication reviews. We then include those variables into the
recommendation system to identify relevant medications.

Rating generation using Decision Tree, K-Nearest Neighbors, and
Linear Support Vector Classifier methods and recommendation
using a hybrid model were tested on the open dataset. Individual
algorithm parameters are adjusted after examination to increase
performance. Finally, the Linear Support Vector Classifier is used
to provide ratings to balance model accuracy, efficiency, and
scalability.

2.4 Pre-training of graph augmented transformers for
medication recommendation Author: J. Shang, T. Ma, C. Xiao,
and J. Sun. Year: 2021.

The recommendation of medication is a significant healthcare
application. It is often framed as a temporal forecasting
assignment. Consequently, the majority of current studies only
use longitudinal electronic health records (EHRs) from a limited
cohort of patients with several visits, neglecting a substantial
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population of patients with a single visit, thereby introducing
selection bias. Furthermore, the representation learning method
fails to use significant hierarchical information, such as the
hierarchy of diagnoses. Notwithstanding the efficacy of deep
learning methods in computational phenotyping, most prior
systems exhibit two shortcomings: task-specific representation
and the neglect of hierarchical structures in medical coding. To
tackle these issues, we introduce G-BERT, an innovative model
that integrates the capabilities of Graph Neural Networks (GNNs)
and BERT (Bidirectional Encoder Representations from
Transformers) for medical code encoding and medicine
prescription. We use Graph Neural Networks to depict the
inherent hierarchical frameworks of medical codes. Subsequently,
we include the GNN representation into a transformer-based visit
encoder and pre-train it using EHR data only from patients having
a single visit. The pre-trained visit encoder and representation are
further refined for downstream prediction tasks using longitudinal
electronic health records from patients with repeated visits. G-
BERT is the first model to use the language model pre-training
framework inside the healthcare sector, achieving superior
performance in the medicine recommendation assignment.

2.5 A Smart Healthcare Recommendation System for Multi-
disciplinary Patients with Data Fusion Based on Deep Ensemble
Learning. Author: J. Sun. Gamenet,C. Xiao, T . Ma, H. Li. Year:
2019.

The accurate prediction of human illnesses remains a formidable
challenge for improved and timely treatment. A multimodal
diabetes condition is a globally life-threatening illness. It affects
several essential components of the human body, including
neuropathy, retinopathy, nephropathy, and finally the heart. An
intelligent healthcare recommendation system correctly predicts
and suggests interventions for diabetes using optimum machine
learning models and data fusion techniques applied to healthcare
datasets. Numerous machine learning models and techniques have
been recently developed to forecast diabetes. Nevertheless, these
systems are inadequate for effectively managing the extensive
array of multi-feature information related to diabetes. A
sophisticated healthcare recommendation system is suggested for
diabetes management, using deep machine learning and data
fusion methodologies. Data fusion enables the removal of
extraneous computational demands, hence enhancing the
proposed system's efficacy in properly predicting and
recommending interventions for this life-threatening condition.
The ensemble machine learning model has been trained for
diabetes prediction. This sophisticated recommendation system is
assessed using a renowned diabetic dataset, and its efficacy is
juxtaposed with the latest advancements in the literature. The
suggested approach had an accuracy of 99.6%, surpassing that of
current deep machine-learning algorithms. Consequently, our
suggested method is superior for transdisciplinary diabetes
prediction and recommendation. The enhanced diagnostic
performance of our proposed approach supports its use in
automated diagnostic and recommendation systems for diabetes
patients.

SYSTEM ANALYSIS

The current version of the Drug Recommendation System was
mostly developed with the Decision Tree classification method.
This original system demonstrated proficiency with an accuracy of
95%, signifying a substantial degree of dependability in medication
suggestions. Nonetheless, it was observed that the current
approach functioned with a restricted array of medication classes,
perhaps limiting the scope of treatment recommendations for
various medical problems.

«A significant attribute of the current system was its dependence
on a limited array of characteristics. The system used a limited
selection of essential indicators, including blood pressure, glucose
levels, temperature, age, and general health status, to provide
medication recommendations. This minimalist strategy, although
helpful to some degree, had the potential disadvantage of
neglecting essential diagnostic details that might affect the
precision of medicine recommendations. Further more, the
current approach was developed to provide medication
suggestions without clearly specifying the underlying condition. It
functioned based on the supplied physiological data, providing
medication recommendations without explicitly diagnosing the




condition. This feature, although enhancing user experience,
emphasized the system's emphasis on swift and broad medication
suggestions in emergency situations.
The current Drug Recommendation System utilizes a Decision Tree
categorization method, with an impressive accuracy of 95%. It
used a limited array of medication classes and characteristics,
prioritizing an efficient methodology for rapid drug
recommendations based on fundamental physiological metrics.
The system's method of suggesting medications without clear
illness diagnosis addressed emergency scenarios requiring swift
decision-making. The further development of the system,
including the Random Forest Classifier and broadening both
medication categories and characteristics, demonstrates an
ongoing dedication to improving accuracy and inclusiveness in
medical emergencies.

PROPOSED SYSTEM

Decision Tree:

Decision Trees are popular and straightforward machine learning
methods for classification and regression. Data-driven decision-
making is made easier using this tree-like system that simulates
choices and their effects. Decision trees have nodes, branches,
and leaves, where each internal node represents a dataset
characteristic or attribute, each branch represents a decision
rule, and each leaf node provides the conclusion or class label.
Root node is the greatest predictor of all characteristics, assessed
by Gini impurity or information gain. This root node splits data by
feature values, producing branches to leaf nodes. Recursively
splitting data creates sub-trees until the model either accurately
classifies the input or achieves a stopping requirement, such as
maximum depth or minimal leaf samples. Decision Trees imitate
human decision-making processes and give explicit, visual
representations of decision paths, helping stakeholders
comprehend forecasts. As non-parametric models, they make no
assumptions about the data distribution, making them adaptable
and relevant to many issues. Decision Trees may overfit,
particularly with noisy data or when they grow too deep. Pruning,
which removes minor branches, may reduce overfitting and
enhance model generalization. Decision Trees are simple but
powerful, interpretable models that may be used to develop more

complicated ensemble approaches like Random Forests and
gradient-boosted trees, which aggregate numerous trees to
improve forecast accuracy. Decision Trees are essential machine
learning tools because they solve issues that demand explicit,
rule-based predictions in healthcare, finance, marketing, and
other fields.

Random Forest:

The powerful and adaptable ensemble learning method Random
Forest is used for classification and regression in machine
learning. This method builds several decision trees during training
and outputs the mode (classification) or mean prediction
(regression) of each tree. Bagging (Bootstrap Aggregating)
randomly selects numerous subsets of the training dataset with
replacement is the foundation of Random Forest. Each subset
trains a decision tree, creating a variety of models. Random Forest
also selects a random collection of characteristics at each split
point inside a tree, minimizing correlation and improving model
resilience. In noisy or complicated datasets, Random Forest is less
likely to overfit than individual decision trees due to its dual
unpredictability in data sampling and feature selection. In a
Random Forest, the ensemble of decision trees averages out
biases and variances, resulting in more accurate and consistent
forecasts. Random Forest can handle huge datasets with increased
dimensionality and estimate feature significance, which may help
find the most important features in a dataset. Random Forest is
compatible with healthcare diagnostics, fraud detection,
consumer segmentation, and financial forecasting since it is a non-
parametric model that does not assume data distribution. Due to
training several decision trees, Random Forest models are
computationally costly, especially with big datasets.

SYSTEM ARCHITECTURE:

A system’s architecture describes the conceptual organization,
behavior, and other system views. The formal language and
perspectives of an organization that are arranged to make
inferences about the foundations and habits of the system are
called a system's descriptions. System elements and created sub-
systems that will work together in implementing the process as a
whole might make up a system structure.
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Fig 1: System Architecture

PROJECT DESCRIPTION

This method represents choices and their potential outcomes as a
tree-like structure, rendering it an effective instrument for data-
driven decision-making. A Decision Tree fundamentally consists of
nodes, branches, and leaves, with each internal node denoting a
characteristic or attribute of the dataset, each branch
representing a decision rule, and each leaf node signifying the
conclusion or class label. The procedure commences with the root
node, identified as the optimal predictor among all attributes,
ascertained using measures such as Gini impurity or information
gain. The data is partitioned at this root node according to feature
values, forming branches that progress to further nodes or
terminal nodes. The recursive splitting procedure generates sub-
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trees until the model either achieves perfect classification of the
data or meets a predetermined stopping threshold, such as
maximum depth or minimum samples per leaf. Decision Trees are
valued for their interpretability, since they replicate human
decision-making  processes and provide clear, visual
representations of decision paths, enabling stakeholders to
comprehend the basis of forecasts. Moreover, they are non-
parametric models, indicating that they impose no assumptions on
the underlying data distribution, hence making them adaptable
and suitable for a broad spectrum of issues. Nonetheless, Decision
Trees are recognized for their propensity to overfit, particularly
in the presence of noisy data or when the tree becomes too deep.
Pruning techniques, which include the removal of less important




branches, may alleviate the overfitting problem and enhance the
model's generalization skills.

REQUIREMENTS ENGINEERING

The project included evaluating the design of many programs to
enhance user-friendliness. It was essential to maintain an orderly
navigation between screens while also minimizing the user's typing
requirements. To enhance accessibility, the browser version was
selected to ensure compatibility with the majority of browsers.
The project included evaluating the design of many programs to
enhance user-friendliness. It was essential to maintain orderly
movement between screens while also minimizing the user's
typing requirements. To enhance accessibility, the browser
version was selected to ensure compatibility with the majority of
browsers.

DESIGN ENGINEERING

Design Engineering involves the use of numerous UML (Unified
Modeling Language) diagrams for project execution. Design is a
significant engineering depiction of an object intended for
construction. program design is a process that converts
requirements into a representation of the program. Design is the
domain where excellence is manifested in software engineering.

v | @ OrugRecommendation Syster X e
€ 3 0 @ 127.00.1:5000/index

88 | ™ Gmait [ Downioad tree QD M Gmail @) YouTube ) Maps @ Check Appication S

D,w-g- Recommendotion § ystem

3 BrainCnip g Brain chips ppt

Brain chips ppt

It has two primary components: a meta-model that delineates the
constructions and regulations of the language, and a notation that
serves as the graphical representation for visualizing and
documenting software designs.

—The primary objective of UML is to enhance communication and
comprehension among stakeholders in software development by
offering a standardized method for articulating software designs,
irrespective of their complexity. UML extends beyond software
systems; it is applicable to business modeling and many non-
software systems.UML encompasses a compilation of optimal
engineering methodologies that have shown efficacy in modeling
extensive and intricate systems. UML use graphical notations,
including class diagrams, sequence diagrams, and activity
diagrams, to enable developers to graphically depict the structure
and behavior of software systems, facilitating analysis, design,
and documentation.
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This project is implements like application using python and the
Server process is maintained using the SOCKET & SERVERSOCKET
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RESULT

The performance of the proposed system is evaluated using a test
dataset and metrics such as accuracy, precision, recall, and F1-
score, demonstrating good accuracy and reliability for medicine
recommendations, particularly in healthcare crises. The Random
Forest and Decision Tree classifiers forecast the most probable
illness with an anticipated accuracy of 98.6% and suggest the three
foremost specialized medications for the projected ailment based
on user-defined criteria.

SOFTWARE TESTING

The objective of testing is to identify mistakes. Testing is the
procedure aimed at identifying any potential defects or
vulnerabilities in a work product. It offers a method to assess the
functioning of components, sub-assemblies, assemblies, and/or a
completed product. It is the process of testing software to ensure
that the system fulfills its requirements and user expectations
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Sample Test Cases: Performance Metrics
Test
Case ID Test Case Description Expected Outcome Actual Outcome Pass/Fail
Input patient data with symptoms  Recommend over-the-counter cold [Actual
TC_01  of common cold medication Recommendation] Pass
Input patient data with symptoms  Recommend fever reducers and pain [Actual
TC_02 of fever and headache relievers Recommendation] Pass
Input patient data with symptoms [Actual
TC_03  of allergies Recommend antihistamines Recommendation] Pass
Input patient data with multiple Recommend a combination of medications
symptoms (e.g., fever, cough, and (e.g., fever reducer, cough syrup, and [Actual
TC_04 fatigue) multivitamin) Recommendation] Pass
Input patient data with a rare Recommend appropriate specialized [Actual
TC_05 disease medication or referral to a specialist Recommendation] Pass
Input patient data with missing Handle missing values gracefully (e.g., use  [Actual
TC_06 values for certain features imputation techniques or default values) Recommendation] Pass
Input patient data with conflicting Provide a list of potential diagnoses and [Actual
TC_07  or ambiguous symptoms recommended medications Recommendation] Pass

DEVELOPING METHODOLOGIES

The testing procedure starts with the formulation of a detailed
strategy to evaluate both general functioning and specific
features across diverse platform combinations. Rigorous quality
control protocols are used. The procedure confirms that the
application complies with the specifications given in the system
requirements document and is devoid of defects. The following
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factors were used to construct the framework for designing the
testing procedures.

FUTURE ENHANCEMENT

The future advancement of the Drug Recommendation System in
Medical Emergencies may emphasize the integration of more
sophisticated approaches, such as deep learning, to boost the
model's accuracy and efficiency. Although existing models,
including Random Forest and Decision Tree classifiers, exhibit




commendable performance, deep learning architectures such as
Convolutional Neural Networks (CNNs) and Recurrent Neural
Networks (RNNs) warrant investigation to elucidate intricate, non-
linear relationships within extensive medical datasets.
Incorporating real-time patient data from wearable health devices
or electronic health records (EHRs) will provide more dynamic and
individualized suggestions, enabling the system to adjust to
unique patient circumstances and immediate medical alterations.
Furthermore, natural language processing (NLP) may be used to
retrieve pertinent information from unstructured clinical notes or
medical literature, hence enhancing the system's capabilities.
Another area for improvement might be using explainability
approaches, such as SHAP or LIME, to render the predictions more
clear and comprehensible to medical experts, hence assuring
confidence and dependability in important decision-making
processes. The system might be enhanced to include multi-label
classifications, enabling it to propose medications for people with
numerous concurrent medical problems. Ultimately, when further
data is acquired, the system may develop into a self-learning
model, perpetually enhancing its medicine recommendations via
reinforcement learning, yielding progressively precise suggestions
as further cases and treatment results are evaluated. The
forthcoming enhancements will augment the system's accuracy
and versatility while expanding its applicability across various
medical emergency situations, thereby serving as an invaluable
asset in enhancing patient outcomes and assisting healthcare
professionals in high-stress settings.

CONCLUSION

In conclusion, the creation of a Drug Recommendation System for
medical crises using machine learning has shown considerable
promise in augmenting decision-making processes and improved
patient outcomes. The system has achieved great accuracy in
predicting suitable medication recommendations for various
medical diseases by using advanced algorithms such as Random
Forest and Decision Tree classifiers. The incorporation of these
machine learning models into healthcare applications may provide
prompt, data-driven insights that aid healthcare personnel in
crises, eventually save lives and enhancing treatment strategies.
Although the system has significant potential, further
enhancements, including the integration of real-time data,
advanced deep learning methodologies, and improved
interpretability, will further augment its precision and relevance.
The integration of machine learning with medical data is poised
to revolutionize emergency treatment, equipping healthcare
personnel with more dependable tools for making educated
choices during crucial situations.

REFERENCES

e Yanchao Tan, Chengjun Kong Dominic Clark, Paul
Czodrowski , lan Dunham, Edgardo Ferran, George Lee,
Bin Li, Anant Madabhushi, Parantu Shah, Michaela
Spitzer and Shanrong Zhao/ KDD ’22, August 14-18,
2022, Washington, DC, USA.

. S. Momtahen, F. Al-Obaidy and F. Mohammadi, "Machine
Drug Discovery and Development,” 2019 IEEE Canadian
Conference of Electrical and Computer Engineering
(CCECE), 2019, pp- 1-6, doi:
10.1109/CCECE.2019.8861842.

e S, Garg, "Medicine Recommendation System Based On
Patient Reviews," 2021 11th International Conference
on Cloud Computing, Data Science & Engineering

(Confluence), 2021, pp. 175-181, doi:
10.1109/Confluence51648.2021.9377188.
e A. Abdelkrim, A. Bouramoul and |. Zenbout |,

"APPLICATION OF MACHINE LEARNING IN DRUG
DISCOVERY” 2021 International Conference on
Theoretical and Applicative Aspects of Computer
Science (ICTAACS), 2021, pp- 1-8, doi:
10.1109/1CTAACS53298.2021.9715218.

. M. D. Hossain, M. S. Azam, M. J. Ali and H. Sabit , "Drugs
Rating Generation and Recommendation from
Sentiment Analysis of Drug Reviews using Machine
Learning,” 2020 Emerging Technology in Computing,

712

Communication and Electronics (ETCCE), 2020, pp. 1- 6,
doi: 10.1109/ETCCE51779.2020.9350868.

J. Shang, T. Ma, C. Xiao, and J. Sun. Pre-t raining of
graph augmented transformers for medication
recommendation. In IJCAI, pages 5953-5959, 2019.

J. Sun. Gamenet, C. Xiao, T. Ma, H. Li: “A Smart
Healthcare Recommendation System for
Multidisciplinary Patients with Data Fusion Based on
Deep Ensemble Learning”. In AAAI, pages 1126- 1133,
2020.

A. Sedik, M. Hammad, F. E. Abd El-Samie, B. B. Gupta,
and A. A. A. El-Lat if, “ Efficient deep learning approach
for augment ed detection of Coronavirus disease,”
Neural Computing & Applications, vol. 8, 2021.

N. Varshney, S. Ahuja and Kanishk, "An Intelligence
System for Medicine Recommendation: Review," 2021
5th International Conference on Information Systems
and Computer Networks (ISCON), 2021, pp. 1-5, doi:
10.1109/1SCON52037.2021.9702342.

S. Dongre and J. Agrawal, "Drug Recommendation and
ADR Detect ion Healthcare in IEEE Transact ions on
Computational Social Systems, doi:
10.1109/TCSS.2022.3231701.

Paula Carracedo-Reboredo, Jose Linares-Blanco,
Nereida Rodriguez-Fernandez/ 2021 “ A review on
machine learning approaches and t rends in drug
discovery

Rohan Gupta, Devesh Srivastava, Mehar Sahu, Swat i
Tiwari, Rashmi K. Ambasta, and Pravir Kumar/ 2021 “
Artificial intelligence to deep learning: machine
intelligence approach for drug discovery”

N. F. Yildiz and A. Ozcan, "Using Supervised Machine
Learning Algorithms For Drug Target Interact ion Predict
ion,” 2022 Innovations in Intelligent Systems and
Applications Conference (ASYU), Antalya, Turkey, 2022,
pp. 1-5, doi:10.1109/ASYU56188.2022.9925433.

R. Biswas, A. Basu, A. Nandy, A. Deb, K. Haque and D.
Chanda, "Drug Discovery and Drug Identification using
Al," 2020 Indo - Taiwan 2nd International Conference on
Computing, Analytics and Networks (Indo-Taiwan ICAN),
Rajpura, India, 2020, pp. 49-51, doi: 10.1109/Indo-
TaiwanlCAN48429.2020.9181309.

N. R. C. Monteiro, B. Ribeiro and J. P. Arrais, "Drug-
Target Interact ion Predict ion: End-to-End Deep
Learning Approach,” in IEEE/ACM Transact ions on
Computational Biology and Bioinformatics, vol. 18, no.
6, pp. 2364-2374, 1 Nov.-Dec. 2021, doi:
10.1109/TCBB.2020.2977335.

M. R. Barkat , S. M. Moussa and N. L. Badr, "Drug-target
Interact ion Predict ion Using Machine Learning,” 2021
Tenth International Conference on Intelligent
Computing and Information Systems (ICICIS), Cairo,
Egypt, 2021, . 480-485, doi:
10.1109/1CICIS52592.2021.9694127.
C. Silpa, Dr. I. Suneetha, Dr. G. Reddy Hemantha , Ram
Prakash Reddy Arava, Y. Bhumika, “Medication Alarm:
A Proficient loT Enabled Medication Alarm for Age Old
People to the Betterment of their Medication Practice”,
Journal of Pharmaceutical Negative Results, vol. 13, no.
4, pp. 1041-1046, Nov. 2022.

P. Bhasha, Dr. T. Pavan Kumar, Dr. K. Khaja Baseer, and
V. Jyothsna “An loT Based BLYNK Server Application for
Infant Monitoring Alert System to Detect Crying and
Wetness of a Baby” International Conference on
Intelligent and Smart Computing in Data Analytics.
Advances in Intelligent Systems and Computing, vol
1312. Springer, Singapore. 13 March 2021.

K. K. Baseer, Dr M Jahir Pasha, Telkapalli Murali Krishna,
Jeribanda Mohan Kumar, Silpa C, “ COVID-19 Patient
Count Predict ion using Classification Algorithm”,
International Journal of Early Childhood Special
Education (INT JECSE), DOI:10.9756/INTJECSE/V1417.7
ISSN: 1308-5581 Vol 14, Issue 07, 2022.

Silpa C, Dr. S Srinivasa Chakravarthi, Jagadeesh kumar
G, Dr. K.K. Baseer, E. Sandhya, “Health Monitoring




System Using loT Sensors”, Journal

ISSN: 1309-3452.

of Algebraic
Statistics, Volume 13, No. 3, June, 2022, p. 3051-3056,

M.A.Bari, Sunjay Kalkal, Shahanawaj Ahamad,” A

Comparative Study and Performance

Analysis

of

713

Routing Algorithms”, Dec (2016) in 3rd International
Conference ICCIDM, Springer - 978- 981-10-3874-7_3
Prathima, C., Reddy, L.S.S. (2019). A Survey on Efficient
Data Deduplication in Data Analytics. In: Soft Computing
and Medical Bioinformatics. Springer Briefs in Applied
Sciences and Technology (). Springer, Singapore.




